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HYPERCOLORIZATION: PROPAGATING SPATIALLY SPARSE NOISY SPECTRAL CLUES OVER 
HYPERSPECTRAL IMAGES: SUPPLEMENTAL DOCUMENT

HyperColorization Rank and Exposure Time: Additional Examples

Figure S1. Image from CAVE dataset [1], brightness boosted by 20%. (b) How the optimal and estimated colorization dimensionality 
varies with exposure time for image in (a).

Figure S2 Image from KAIST dataset [4], brightness boosted by 40%. (b) How the optimal and estimated colorization dimensionality 
varies with exposure time for image in (a).

Figure S3 Image from Harvard dataset [2], brightness boosted by 65%. (b) How the optimal and estimated colorization dimensionality 
varies with exposure time for image in (a).



Sampling Patterns: Additional Examples

Figure S4. Brightness if boosted by 65% and size of spectral clues increased. Image from the Harvard dataset [2].



Figure S5. Brightness boosted by 30% and size of spectral clues increased. Image from the ICVL dataset [3] which features 512 channels.



Figure S6. Brightness boosted by 40% and size of spectral clues increased. Image from the CAVE dataset [1] where guided sampling is 
outperformed by uniform sampling.



Imaging with a Fixed Time Budget: Additional Examples

Figure S7 (a) Image from Harvard dataset [2], brightness boosted by 70%. (b) The trade-off between sampling ratio and exposure time 
when smart filter is enabled and disabled on image (a).

Figure S8 (a) Image from KAIST dataset [4], brightness boosted by 50%. (b) The trade-off between sampling ratio and exposure time 
when smart filter is enabled and disabled on image (a).

Figure S9 (a) Image from CAVE dataset [1], brightness boosted by 60%. (b) The trade-off between sampling ratio and exposure time 
when smart filter is enabled and disabled on image (a).



Table S1. Sampling Patterns Performance Analysis on Harvard dataset

Sampling Type Sampling Ratio PSNR↑ SSV↓ GFC↑ EMD  ↓ 𝟏𝟎―𝟑

Uniform push broom 10% 37.938 0.342 0.992 6.865

Uniform push broom 4% 35.155 0.433 0.989 9.340

Guided push broom 4% 35.500 0.409 0.989 9.261

Uniform whisk broom 4% 37.895 0.358 0.992 6.789

Guided whisk broom 4% 38.457 0.352 0.992 6.607

Uniform whisk broom 1% 36.290 0.416 0.990 8.881

Guided whisk broom 1% 36.597 0.413 0.989 7.853
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